
 
1Abstract—Array antennas have a nonlinear, complex 

relationship between the antenna beams generated and the 
array input functions that generate the steerable beams. In this 
paper we demonstrate the use of a simple, computationally less 
intensive Perceptron Neural Network with non-linear sigmoid 
activation function to do the synthesis of the desired antenna 
beam. The single neuron is used, where its optimized weights 
will yield the beam shape required. This paper presents a 
successfully implemented Perceptron and discusses the error 
between the desired and Perceptron generated beams The 
successful beam control gives high accuracy in the maximum 
radiation direction of the desired beam, as well as optimization 
in the direction of null points. Moreover, a comparison between 
the array antenna beams obtained using the Perceptron Single 
Neuron Weight Optimization method (SNWOM) and the 
optimized beams obtained using the Least Mean Square (LMS) 
method, further demonstrates the reliability and accuracy of the 
Perceptron based beamformer. The tests were performed for 
two different desired antenna beams: one braod side beam and 
the other with the antenna radiating in four different desired 
directions. The Perceptron based antenna may be embedded in 
the Arduino microcontroller used. It is also shown why it is not 
possible to get a single beam, linear array antenna with the 
Perceptron based array reported herein. 

 
Index Terms—Smart Antenna, Adaptive Array, Adaptive 

Beamforming, Artificial Neural Network. 
 

I.  INTRODUCTION 
he Long Term Evolutionary (LTE) communication system 
is the latest wireless communication technology in use 

which provides high speed and high capacity wireless 
communication when compared to the 3G wireless systems. 
However, what is referred to as the LTE 4G systems is still 
limited in many areas Smart antennas and the MIMO system 
are one of the available ways to increase the rapidly increasing 
demand on capacity. The peak data rate is proportional to the 
number of antennas at the sending and receiving ends. This 
paper specifically focuses on beam steering using a fast neural 
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network adaptation to direct the beam towards particular users 
and/or to steer nulls to reduce interference. This is a crucial 
role of a smart antenna which is able to provide electrical tilt, 
beam width and azimuth control suitable for handling moving 
traffic patterns. The smart antenna solution is far more 
versatile, and cheaper provided low memory, fast beam 
steering techniques such as that reported in this paper are used 
at the base stations. In parallel, the development of cost 
effective fast cell site addition, increasing the number of cell 
sectors and bandwidth, and better air interface capabilities will 
be critical to moving into the proper 4G systems of the future.  

Artificial Neural Networks (ANN) are powerful techniques 
to be used where the mathematical relationship between input 
and out can be reliably established [1], [2]. The ANN is able to 
approximately model the input-out relationship by optimizing 
the weights through using known input-output training pairs. 
Once the training is done, it is able to obtain the needed 
antenna radiation beam for a given set of inputs by adaptive 
signal processing [3-6]. In this paper is presented a simple 
Perceptron that is able to rapidly adjust the weights by 
adaptive signal processing for given input-put pairs, and then 
generate a desired radiation beam using the converged 
weights. This paper considers the accuracy of a simple, fast 
perceptron Neural Network to form beams using linear arrays 
to generate beams that may communicate at a traffic junction 
along all four roads that meet at the junction, or a single long 
tunnel in underground communication where the beams need 
to be generated by the linear array of antennas [7, 8].  

II.SINGLE NEURON WEIGHT OPTIMIZATION MODEL (SNWOM) 
In this section we briefly describe the single neuron modal 

to optimize the weights which will be used in adaptive 
beamforming. In the perceptron model as shown in Fig.1, a 
single neuron with a linear weighted net function and a 
threshold activation function also known as transfer functions 
are employed. The model has three parts and at the first part 
inputs (x1, x2 …., xn) are multiplied with individual weights 
(w1, w2 …wn). In the second part of a simple perceptron is the 
net function that sums all weighted inputs and bias as in 
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In the final part of a simple perceptron, the sum of 
previously weighted inputs and bias is passing through a 
transfer function to get the output. In case of the linear 
activation function, the artificial neuron is doing simple linear 
transformation over the sum of weighted inputs and bias b. 
There is no single best method for nonlinear optimization and 
it is based on the characteristics of the problem to be solved. 
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We simplify the calculation complexity to reduce the 
processing delay. Hence we have used a single neuran for this 
problem and a nonlinear activation function � to find out the 
output y: 
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In order to train the weights to meet the desired output 
of 0y , the deviation � is obtained and the weights are iterated 
until the trained means error TMR is below the predefined 
value, where the deviation, and trained means error are as in 
(3) and (4) respectively. 

   yy ��� 0                                     (3) 
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Fig.1. Perceptron model for weight optimization 
 

Also the weights are adjusted in every iteration using the 
deviation and the selected learning rate, which is also known 
as coefficient 0k  as given in: 

    	 
iii xkww ����� 0                   (5) 
The iteration is allowed until it either reaches the TMR 

below the predefined value TMRm or the defined maximum 
number N of iterations.  A simple array of dipoles placed in a 
straight line is considered as the array model.  We have tested 
array models with five and seven elements placed in a straight 
line. The array model equation with respective coefficients can 
be given for five elements array as in (6). 
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Similarly, we can write the seven element model: 
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where 	 
�f is the desired beam function. 

III.ACCURACY OF THE PERCEPTRON BEAM FORMER 
Fixing the desired beam function as shown below,  

    	 
 �� 2cos�f                                        (8) 
and keeping the distance between two elements as half 
wavelength, we have optimized the weights for five and seven 
elements to find the actual output using the above SNWOM 

model with initial weights, bias and learning rate which is also 
known as coefficient. For training, we have used different 
angles�  in the range of 00 to 3600. During the testing process 
also we have used different angles�  in the range of 00 to 3600. 
Having obtained the optimized weights after convergence, we 
have drawn the radiation patterns using the optimized weights 
and compared with the radiation patterns of the desired beam 
for five elements array as shown in Fig. 2. 
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Fig. 2. Comparison of Radiation pattern between desired beam and optimized 
beam by SNWOM when the number of adaptive array elements is five. 

Similarly, we have optimized the weights using the stated 
SNWOM. The optimized results are shown for seven elements 
in Fig. 3. As we have expected, with increased number of 
elements, the adaptive array beamforming is very much closer 
to the desired beam. However the amplitudes in the 0o and 
180o are better in the five element array than in the seven 
element array. That is due to the characterstics of the desired 
beam selected. 

In order to make the comparison of accuracy between 5 and 
7 element models, the error between the desired and optimized 
values’ corresponding angles is shown in Fig. 4 and Fig.5, 
respectively. The error analysis clearly displays that when the 
number of elements increases the error range reduces with 
high oscillation.    
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Fig. 3. Comparison of Radiation pattern between desired beam and  optimized 
beam obtained by SNWOM when the number of adaptive array elements is 
seven. 
 

With the five element array, both end fire beams and the 
broadside beams have larger beamwidths than the desired 
beamwidth. With regard to peak radiation, the broad side 
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beams match the desired peak radiation, whereas with the end 
fire beams, the maximum field strength is less than the desired 
maximum field strength (Figs. 2 and 4). With seven elements, 
there is almost a perfect match in the case of the broad side 
beams, whereas in the end fire beams, the widths of the 
Perceptron-generated and desired beams match; the peak 
radiation drops to lower values than for the desired maximum 
(Figs. 3 and 5). 
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Fig.4. The error between desired and optimized beam with the corresponding 
angle when the number of elements is five. 
 

In order to further test the precision of the SNWOM 
method with variety of desired function, we select a desired 
function as [7]: 
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Fig.5. The error between desired and optimized beam with the corresponding 
angle when the number of elements is seven. 
 

We optimize weights by taking the distance between two 
elements as half-wavelength for five and seven elements using 
SNWOM. The optimized radiation patterns are compared with 
the desired radiation patterns in Fig. 6 and Fig. 7 for five and 
seven elements, respectively.  

We observe the close match between desired and optimized 
radiation patterns. It is evident from the results that the desired 
narrow beam could not be achieved using the five element 
model while it is feasible with the seven element model. 
Therefore, it can be recognized that the narrow desired beam 
requires more dipole elements. 
     The error between desired and optimized values 
corresponding to the angle for five element and seven element 

models is shown in Fig. 8 and Fig. 9, respectively. Similar to 
previous results, the range of error reduces while the frequency 
of oscillations increases with increasing number of elements. 
In this broadside array antenna, using the five element array, 
the beamwidth of the Perceptron-generated array factor is 
larger than the desired beamwidth (Figs. 6 and 8). But the end 
fire side lobes are very small. Hence the power degradation 
takes place along the direction of the main beams. For the 
eleven element broadside array antenna (Figs. 7 and 9), while 
the Perceptron-generated broadside beams almost perfectly 
match the two broadside beams, the power degradation along 
the end fire directions becomes significant related to larger 
side lobes in the end fire directions. 

 
Fig. 6. Comparison of Radiation pattern between desired beam and optimized 
beam obtained by SNWOM when the number of adaptive array elements is 
five. 

 
 
 
Fig. 7. Comparison of Desired Beam and Optimized Beam Radiation Patterns 
by SNWOM for 7  adaptive array elements. 

Even though, the precision of the SNWOM depends on 
the dipole placement and the characteristics of the desired 
beam selected, it is a fast, efficient and simple method for 
weight optimization compared to the previously proposed 
neural network based adaptive beamforming methods.  
 

IV.COMPARISON OF SNWOM PERCEPTRON ANTENNA BEAMS 
WITH LMS OPTIMIZED BEAMS 

In order to compare the accuracy of the weights obtained from 
the Perceptron (SNWOM) method, the Perceptron generated 
results were compared with the results obtained using the LMS 
method. The desired beam pattern function to which the 
Perceptron and LMS beams are optimized is the radiation 
array pattern of a broadside array defined in (9): 
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We have selected a linear array antenna with five dipole 
elements with weights 1w ,  2w , 3w , 4w  and  5w  associated 

with each of the five elements, and optimized the weights 
using both SNWOM and the LMS method. Fig. 10 shows the 
comparison of results of SNWOM and LMS method. Also 
given in the figure is the desired pattern obtained from the eact 
solution given by (9). For the fivel  lement array it was found 
that the LMS method gave a beam which is more identical to 
the desired beam (Fig. 10). 
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Fig.8. The error between desired and optimized beam with the corresponding 
angle when the number of elements is five. 
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Fig.9. The error between desired and optimized beam with the corresponding 
angle when the number of elements is seven. 

�
Fig. 10. Comparison of radiation patterns obtained from SNWOM and LMS 
methods with the desired pattern employing 5 dipole elements 

The test was repeated for an array antenna with seven 
elements, and thus seven weights to be optimized. The results 
are shown in Fig. 11. With seven elements, both SNWOM and 
LMS give beams that closely match with the desired beam. 
The SNWOM was found to be slightly inferior to the LMS 
beam, in that it gave rise to slightly larger side-lobes in the 0o 
and 180o directions-Fig. 11.� 
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Fig. 11. Radiation patterns from SNWOM and LMS methods 7 dipoles 

In order to further compare the two methods, the results were 
compared for the desired radiation array function defined in: 

   	 
 	 
�� 2cos�f                                (8) 
The results are shown for both 5 elements and 7 elements in 
Fig.12 and Fig.13, respectively. Again it was observed that the 
radiation patters of both SNWOM and LMS method matched 
each other for the seven element array antenna (Fig. 13). With 
five elements, although the LMS method gave a beam that 
matched the desired beam in beamwidth, the radiation beam 
produced by the SNWOM matched the desired beam in 
strength in the direction of maximum radiation (Fig. 12).  

V. EMBEDDED PERCEPTRON BASED BEAM FORMER 

A.   Introduction 
Smart antennas are adaptive and hence, they are employed to 

improve efficiency in digital wireless systems. Smart antenna 
technology is emerging in its importance in wireless 
communication systems. The accuracy and speed of these 
antenna arrays are improved with the perceptron based 
algorithm presented in this paper which can easily beam form 
towards the different wireless objects such as mobiles. As 
reported above, the Perceptron may be effectively used to 
compute the beam forming vectors of the signal.                 

 

Fig. 12. Comparison of radiation patterns obtained from SNWO and LMS 
methods with the desired pattern employing 5 dipole elements 
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Fig. 13. Comparison of radiation patterns obtained from SNWO and LMS 
methods with the desired pattern employing 7 dipole elements 
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 Fig. 14. MIMO adaptive Array Antennas 

In beamforming, the mobile units to which the signals are 
to be sent are first located and then an array antenna beam or 
radiation pattern of the antenna array is created by adding 
signal phases. At the same instance, the mobiles which are not 
needed could be discarded from the pattern. This could be 
implemented with the help of delay line filters. In this paper 
we implement our design with Multiple Input-Multiple Output 
(MIMO) antennas in accordance with the IEEE 802.11n 
standard. It is the most efficient among the smart antennas 
such as Multiple Input-Single Output (MISO) and the Single 
Input – Multiple Output (SIMO) systems.  Figure 14 depicts an 
adaptive array antenna.  

B.  Embedded Implementation of Perceptron Based MIMO 
Antennas in Neural Network 
Conceptually, the Perceptron model for weight optimization is 
broadly classified into three blocks, namely: The Connection 
Layer, the Neuron and network Layer and the back 
propagation layer. Each block is further sub classified. A 
connection block determines how much of the signal is passed 
to the neuron with its respective strength of the weight, wn. 
Figure 15 depicts a connection block and Figure 16 depicts the 
blocks of the Perceptron model. 

Floating point arithmetic is employed throughout these 
connection blocks. The output of the connection block next 
feeds the neural network layer.    
 

ConnEntry (x):  is the value of the receiving signal being fed into the 
connection block. 
Weight (m): is the value that amplifies or weakens the ConnEntry 
value. 
ConnExit (y):    is the output value of the connection to the neuron                     

 
Fig. 15. The connection blocks of the SNWOM 

The core of the neural network is the Neuron and the main 
purpose of the Neuron is to accumulate, add bias value and add 
to the values from the connection block and to process the 
activation function, (A). A enables the neuron to make 
decisions based on the values provided to it.  The flow in 
Figure 16 is explained as follows: 

At the connection section: 
cNn1, cNn2 = Neuron connection, connEntry1, 2.  
bEn = Neuron Bias Entry = 1 (always). 
cW1, cW2 = Connection weight 1, 2.  
cEx1, cEx2 = Connection Exit 1, 2  where cEx1= cEx1 x cEn1 and 
cEx2= cEx2 x cEn2 
bW= Neuron Bias weight and bEx = Neuron Bias Exit  bEx = bWx1. 
Neuron Input value = cEx1 + cEx2 + bEx. 
Neuron Output value , y = 1/(1+ exp (-1 x Neuron Input value). 
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Fig. 16. The Neural Network Block of Perceptron Algorithmic 
Implementation. 

The control section of the embedded system performs the 
various tasks and functions of the neuron shown in Figure 12. 
The controller also calculates the delta error, sets the learning 
rate, adjusts the error by a specific amount through back 
propagation iteratively and readjusts back the weights in an 
adaptive manner.  

The Arduino microcontroller uses a set of C/C++ functions 
and a variation of them. Arduino IDE is freeware and it is 
easily downloadable and configured for diverse applications. 
The various adaptor boards or Shields are easy to be plugged 
and programmed on top of the Arduino microcontroller board.  

VI. LINEAR ARRAY AND MIRROR IMAGE 
In this section we shall show why the linear array tends to 
produce a symmetrical beam, thus making it problematic to get 
a single beam antenna with the Perceptron neural network. 
When all dipoles are in a straight line, the radiation pattern is 
symmetrical over the axis of the dipole placement. Hence a 
rotatable single beam cannot be obtained. 
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The respective complex current phasors of the dipoles are 
taken as I1, I2, and In. Hence the electric field (far-field terms) 
at the observation point Pin Fig. 18 could be given as: 
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where A0 and � are a constant magnitude and the phase 
constant, respectively. 

Substituting for distances r1, r2, and rn in terms of the 
distance from the observation point from the origin, r, we can 
simplify  (10) as follows: 
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Fig.18. Schematic diagram of dipole placement 
 
Consider all the dipoles to be in a straight line along the x axis. 
Thus, y1 = y2….= yn = 0 . Hence the expression (11) is 
simplified thus: 
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The electric field expression, when the angle � is in opposite 
direction, could be obtained replacing � by –� in (12). 
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Since 	 
 �� coscos �� , replacing 	 
��cos  in (13) with  

�cos , we obtain, 

	 

	 
�

�
��

����

Eew

ewewE
nxj

n

xjxj

���

���
cos 

cos 
2

cos 
1

...             

21

                      (14) 

Since 	 
 	 
�� EE �� , the electrical field is symmetrical over 
the x axis whatever the weight values may be. Hence it is 
impossible to get a single beam in one the side of the x axis. 
The only possible solution exists for weights for a single beam 
is in the positive/negative direction of the x axis. In that case, 

the beam cannot be rotated to other directions.  Therefore, a 
rotatable single beam cannot be obtained by means of weight 
optimization when all the dipoles are in a straight line. 

VII. CONCLUSION 
The Perceptron Neural network reported in this paper for 
linear array beamforming is a fast and accurate method, 
requiring little computational power or time compared to the 
more commonly used multilayer ANN for beam forming. The 
Perceptron’s accuracy was tested for generating beams in both 
simultaneous broadside and end fire directions, as well as for 
the array generating broad side beams only.  When the 
elements are increased in number, the power loss in the main 
beam significantly reduces, with the beamwidths becoming 
closer to the desired beams. This is true for both types of 
antennas experimented with. When the Perceptron was used to 
construct a broadside beam antenna, it was found that 
increasing the number of elements gave a greater match for the 
two main beams, whereas increased elements tended to have 
bigger end fire side lobes for the Perceptron based broadside 
antenna. The Perceptron based linear array antenna does not 
yield a single beam rotatable antenna, which is a limitation. 
The linear antenna tends to produce a fair amount of back 
radiation as well. 

REFERENCES 
[1] H.L. Southall, J.A. Simmers,J.A and T.H. O’Donnell, “Direction 

finding in phased arrays with a neural network beamformer,” IEEE 
Transactions on Antennas and Propagations, 43:1369-1374, 1995. 

[2] A.H. El Zooghby, C.G. Christodoulou, and M. Georgiopoulos, 
“Performance of radial basis function network for direction of arrival 
estimation with antenna arrays,” IEEE Transactions on Antennas and 
Propagations, vol.45, 1997, pp.1611-1617. 

[3] Robert Mozingo and Thomas, Miller,. Introduction to Adaptive Arrays. 
New York: Wiley, 1980. 

[4] A.H. El Zooghby, C.G.Christodoulou, and M. Georgiopoulos, “Neural 
Network-Based Adaptive Beamforming for One and Two- 
Dimensional Antenna Array,” IEEE Transactions on Antennas and 
Propagations, vol. 46, 1998, pp. 1891-1893. 

[5] N.Y. Wang, P. Agathoklis, and A. Antoniou,A., 2006. A new DOA 
Estimation Technique Based on SubarrayBeamforming, IEEE 
Transactions on Signal Processing, vol. 54, no. 9, 2006,:3279-3290. 

[6] Jean-Luc Fournier, et al,,. Phased Array Antenna Controlled by Neural 
Network FPGA, Loughborough Antennas and Propagation 
Conference, 14-15 November 2011, Loughborough, UK, ,  pp. 1-5. 

[7] P.R.P. Hoole, Smart Antennas and Signal Processing in 
Communications, Radar and Medical Systems, WIT Press, UK, 2001 

[8] A. Rawat, R.N. Yadav and S.C. Shrivastava, “Neural Network 
applications in smart antennas: A review,” Int J of Electronics and 
Communications.vol. 66, 2012, pp. 903-91 

.

 
 

r1 
r2 

rn 
� 

P 

x 

x1 

x2 

xn 
y1 

y2 
yn 

y 

r 



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles false
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Gray Gamma 2.2)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.7
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize true
  /OPM 0
  /ParseDSCComments false
  /ParseDSCCommentsForDocInfo false
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo false
  /PreserveFlatness true
  /PreserveHalftoneInfo true
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts false
  /TransferFunctionInfo /Remove
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
    /Arial-Black
    /Arial-BoldItalicMT
    /Arial-BoldMT
    /Arial-ItalicMT
    /ArialMT
    /ArialNarrow
    /ArialNarrow-Bold
    /ArialNarrow-BoldItalic
    /ArialNarrow-Italic
    /ArialUnicodeMS
    /BookAntiqua
    /BookAntiqua-Bold
    /BookAntiqua-BoldItalic
    /BookAntiqua-Italic
    /BookmanOldStyle
    /BookmanOldStyle-Bold
    /BookmanOldStyle-BoldItalic
    /BookmanOldStyle-Italic
    /BookshelfSymbolSeven
    /Century
    /CenturyGothic
    /CenturyGothic-Bold
    /CenturyGothic-BoldItalic
    /CenturyGothic-Italic
    /CenturySchoolbook
    /CenturySchoolbook-Bold
    /CenturySchoolbook-BoldItalic
    /CenturySchoolbook-Italic
    /ComicSansMS
    /ComicSansMS-Bold
    /CourierNewPS-BoldItalicMT
    /CourierNewPS-BoldMT
    /CourierNewPS-ItalicMT
    /CourierNewPSMT
    /EstrangeloEdessa
    /FranklinGothic-Medium
    /FranklinGothic-MediumItalic
    /Garamond
    /Garamond-Bold
    /Garamond-Italic
    /Gautami
    /Georgia
    /Georgia-Bold
    /Georgia-BoldItalic
    /Georgia-Italic
    /Haettenschweiler
    /Impact
    /Kartika
    /Latha
    /LetterGothicMT
    /LetterGothicMT-Bold
    /LetterGothicMT-BoldOblique
    /LetterGothicMT-Oblique
    /LucidaConsole
    /LucidaSans
    /LucidaSans-Demi
    /LucidaSans-DemiItalic
    /LucidaSans-Italic
    /LucidaSansUnicode
    /Mangal-Regular
    /MicrosoftSansSerif
    /MonotypeCorsiva
    /MSReferenceSansSerif
    /MSReferenceSpecialty
    /MVBoli
    /PalatinoLinotype-Bold
    /PalatinoLinotype-BoldItalic
    /PalatinoLinotype-Italic
    /PalatinoLinotype-Roman
    /Raavi
    /Shruti
    /Sylfaen
    /SymbolMT
    /Tahoma
    /Tahoma-Bold
    /TimesNewRomanMT-ExtraBold
    /TimesNewRomanPS-BoldItalicMT
    /TimesNewRomanPS-BoldMT
    /TimesNewRomanPS-ItalicMT
    /TimesNewRomanPSMT
    /Trebuchet-BoldItalic
    /TrebuchetMS
    /TrebuchetMS-Bold
    /TrebuchetMS-Italic
    /Tunga-Regular
    /Verdana
    /Verdana-Bold
    /Verdana-BoldItalic
    /Verdana-Italic
    /Vrinda
    /Webdings
    /Wingdings2
    /Wingdings3
    /Wingdings-Regular
    /ZWAdobeF
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 200
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages false
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /ColorImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 200
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages false
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /GrayImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 400
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 600
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e55464e1a65876863768467e5770b548c62535370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc666e901a554652d965874ef6768467e5770b548c52175370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /DAN <>
    /DEU <>
    /ESP <>
    /FRA <>
    /ITA (Utilizzare queste impostazioni per creare documenti Adobe PDF adatti per visualizzare e stampare documenti aziendali in modo affidabile. I documenti PDF creati possono essere aperti con Acrobat e Adobe Reader 5.0 e versioni successive.)
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020be44c988b2c8c2a40020bb38c11cb97c0020c548c815c801c73cb85c0020bcf4ace00020c778c1c4d558b2940020b3700020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken waarmee zakelijke documenten betrouwbaar kunnen worden weergegeven en afgedrukt. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /PTB <>
    /SUO <>
    /SVE <>
    /ENU (Use these settings to create PDFs that match the "Recommended"  settings for PDF Specification 4.01)
  >>
>> setdistillerparams
<<
  /HWResolution [600 600]
  /PageSize [612.000 792.000]
>> setpagedevice


